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| 1. Preparing data

PREDICTIVE ANALYTICS AND DATA MINING

THE BOOK CHAPTERS DOWNL(% COURSE SLIDES PREVIEW AUTHORS

F-

http://www.learnpredictiveanalytics.com/download.html




I
| 1. Preparing data

Install RapidMiner Software

You can download the implementation files covered in book chapters along with the RapidMiner processes (.rmp files) and supporting data
files for the examples described in the book. You may download all the files and recreate them using RapidMiner on your computer. You need
to "Import Process File" to bring in the process into RapidMiner and then link the data files to their corresponding locations in your desktop
with RapidMiner.

‘\jg RM Process files and data sets

Download F%}
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1. Preparing data

Repository Import Data - Select the data location. n
| 0 Add Data = . Select the data location.
h‘ fl— Samples e | Dec152014 | -m ok ':f &~
p Bookmarks File Name Size Type Last Modified
.. ! DB i — Last Directory & 07_Cluster_7.2_density_performance.rmp 5KB Reallukebox 55 L1Z1A] Dec g, 2014 A
’f 07 _Cluster_7.3_IMFdata.csv S KB Microsoft Excel 2l B2 J1E . Dec 15,2014
.. - Lacal Re DUSitUI’]" ANGIIN & 07_Cluster_7.3_SOM_extension_country_imf.rmp 4 KB RealJukebox 5= IiF1A Decd, 2014
MM _
' - ! 7 09_Text_9.3.1_keyword_clustering_webmining.rmp 11 KB Reallukebox 55 THF1A] Dec5, 2014
- - NewlocalRepository ancuin 09_Text_9.3.1_pages.tt 1KB HAEZM Jul 29, 2014
' = ’ ﬁ_g 09_Text_9.3.2_blog-gender-dataset-removed-missing xlsx ImB Microsoft Excel 2|2 AE Aug7,2013
- [ dﬂtﬂ KANGMIN = 09_Text_9.3.2_blog-gender-dataset.xlsx ImB Microsoft Excel 2| 3AME Jun 27, 2013
o { :I 7 09_Text_ 9.32_blog_gender_step2_preprocess.rmp 3KB RealJukebox S IHF1A Decs, 2014
- ) 3. . | S IFIA Dec 5, 2014
. (L AR . = i e g . (7 09_Text 932 blog_gender_step3.1_key_features.rmp 3KB Reallukebox | \
10_Times3 (KANGMIN - v1, 12/10/18 1:21 P - 2 k)  09_Text_9.3.2_blog_gender_step3.2_build_predictive_models.rmp 9 KB Reallukebox B T7I%  Dec5, 2014
. . e ~ 7 09_Text_9.32 blog_gender_step4 1_docVec_testingrmp 6 KB Reallukebox 55 T§F|A] Dechs, 2014
Py A ft — J iR A - L P
. 1 D—TImES—1 D'2'1—5|mp|ETS (KANGMIN —v1, 1210/18 1:10 PM - 2 = 7 09_Text_9.3.2_blog_gender_step4.2_apply_model_test_datarmp 4 KB Reallukebox S5 THFIA] Dech, 2014
. f1z 09_Text_9.3.2_testing-sample xlsx 1KB Microsoft Excel 2|3 AME Apr24, 2014
P e T J—— FEETET -3 = e ARY — AF 1 A=
. German Credit data (KANGMIN - v1, 10/12/18 12:31 AM - 45 kB) M 10_TimeS_10.21_simpleTS.cev 1KB Microsoft Excel 8 B2 2. Nov5, 2012 _
. - = 10_TimeS_10.2.2_simple_windowing_ts rmp B KB RealJukebox S THF1X Decs, 2014
g Ay T — ECTL R e ARE — v -
. German Credit data C-SV (KANGMIN - v1, 10/12/18 1:20 AM - 2 kB) 7 10_TimeS_10.2.3_generate_forecasts_ts.rmp 14 KB Reallukebox S& I§F|%  Decs, 2014
. — I . . ) & 11_Culier_11.1_distance.rmp 3KB Reallukebox 55 T§ZIA] Dec 8, 2014
adult data (KANGMIN - w1, 10/15/16 11:02 PM - 1.2 MB) 7 11_Oulier_11.2_oulier_density.rmp 3IKB Reallukebox 85 I§7I%  Decs, 2014
. & 11_Oulier_11.3__lofrmp 4 KB RealJukebox 53 IiF1A Decd, 2014
TR AR = 5 HAOME -2 0l — 3
ch10 (KANGMIN - w1, 12/10/16 1:27 PM - 1 kB) {: 12_Feature_12.2_cereals-PCAxsx 16 KB MicrosoftExcel Y3 ME  Jul 29,2014
& 12_Feature_12.2_PCA_cereals.rmp 4 KB Reallukebox S5 T§F|A] Dec 5, 2014
. dataScale (KAMGMIN — v1, 10/18/18 12:41 AM - 10 kB) =D PR e e PUELTILWTL oo eas Y
. . 10_TimeS_10.21_simpleTS.cav
. wmequallty—red (FKANGMIM — w1, 10/18/18 11:558 PM — 127 kB)
All Files v
[
i i Mg T i
4 ] PTOCESS (KANGMINM) W The selected file will be imported as: CSV  Change

< I >

== Previous Cancel
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| 1. Preparing data

Import Data - Format your columns.
Format your columns.
Date format MMM d, yyyy homm:ss az A Replace errors with missing values (0
Date & «  inputYt & v | Normalized profits - predicted...&¢ w| Normalized profits - predicte... &
polynominal real real real
1 1142009 0.709 A
2 2172009 1.886
3 32009 1.293
4 | 4172009 0.822 =
5 | 512009 -0.173
6 6M/2009 0.552
T TMi2009 1.169
& 812009 1.604
9 | 9/M/2009 0.949
10 10M1/2009 0.080
11 11142009 -0.040
12 12172009 1.381
13 112010 0.761
14 2172010 2312
15 3102010 1.795
16 4172010 0.586
17 5102010 -0.077
18 612010 0.613 v
% no prablems.
== Previous ‘ H x Cancel ‘
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| 1. Preparing data

Import Data - Where to store the data?

Where to store the data?

¥ Bl Local Repositary jeanciing
* [l MewLocalRepositary (cancning
~ P2 \data (ANGMIN)
. 10_TimeS (KANGMIN - v1, 12/10/18 1:21 PM - 2 kB)
. 10_TimeS_10.2 1_simpleTS (KANGMIN - w1, 12/10/16 1:10 FM - 2 kB)
. German Credit data (KancMIM - v1, 10/12/18 12:21 AM — 45 kB)
. German Credit data C3V (KAMGMIN - w1, 10/12/18 1:20 AM - 2 kB)
. adult data (KANGMIN - v1, 10/15/18 11:02 PM - 1.2 MB)
. ch10 (KANGMIN - w1, 12/10/18 1:27 PM - 1 kB)}
. dataScale (KAMGMIN - w1, 10/18/16 12:41 AM - 10 kB)
. winequality-red («AanGMIN - v1, 10/15/18 11:65 FM - 127 kB)
» [ process geancim

3 Cloud Repository (disconnectzd)

Mame 10_TimeS_10.21_simpleTS

Location /iNewLocalRepository/data10_TimeS_10.2.1_simpleTS

‘ 4== Previous H F# H xgancel ‘



2. Windowing
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| 1.1. Windowing — Retrieve operator

. ExampleSet (50 examples, 0 special attributes, 2 reqular attributes
Retrieve ch10 P ( pies. 0 =p ' g )

c aut Row No. Date inputYt
" : 1 1112009 0.709
- 2 2M1/2009 1.886
3 3112009 1.293
4 4/1/2009 0.822
5 5112009 -0.173
i 6172009 0.552
T 712009 1.169
8 8M/2009 1.604
g 812009 0.949
10 10M1/2009 0.080
L
]
L




| 1.1. Windowing — Set Role and Select Attributes operator

Set Role Select Attributes

exa E exa exa [T1] exa
ari ari

1 |
Parameters Parameters
T/ SetRole 7 Select Attributes
attribute name Diate v (D attribute filter type all * (@
target role id v | (@D invert selection )]
set additional roles "_; Edit List (0)... ] include special attributes ]
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| 1.1. Windowing — Windowing operator

Windowing
Parameters
exa . exa
B windowing
ari
i series representation encode_series_by_examples ¥ (@
window size B @
step size 1 ]
/| create single attributes @
./ create label @
select label by dimension @
label attribute Date ¥ (@
harizon 1 @
add incomplete windows ]
/| stop on too small dataset @



| 1.1. Windowing — process

Process

@ process » 100% 02 2 L [{ @& @ [

Retrieve ch10 Set Role Select Attributes
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| 1.2.1. Windowing — example set

ExampleSet (44 examples, 2 special attributes, 6 regular attributes)

Row No. Date label inputYt-5 inputYt-4 input¥t-3 inputYt-2 inputYt-1 inputYt-0
1 6/1/2009 1.169 0.709 1.886 1.293 0.g22 0173 0.552
2 TMI2009 1.604 1.886 1.293 0.822 -0.173 0.552 1.169
3 8M1/2009 0.949 1.283 n.gz2z -0.173 0.552 1.169 1.604
4 9/1/2009 0.080 0.822 -0.173 0.552 1.169 1.604 0.949
5 10/1/2009 -0.040 0173 0.552 1.164 1.604 0.949 0.080
G 11/1/2009 1.381 0.552 1.169 1.604 0.949 0.080 -0.040
7 12/1/2009 0.761 1.169 1.604 0.949 0.080 -0.040 1.381
a 1M1/2010 2312 1.604 0.949 0.080 -0.040 1.381 0.761
] 2112010 1.785 0.949 0.080 -0.040 1.381 0.761 2312
10 3nzo10 0.586 0.080 -0.040 1.381 0.761 2312 1.795
11 412010 -0.077 -0.040 1.381 0.761 2312 1.795 0.586
12 52010 0.613 1.381 0.761 2312 1.785 0.585 -0.077
13 6/1/2010 1.845 0.761 2312 1.795 0.586 -0.077 0.613
14 72010 1.984 2312 1795 0.586 -0.077 0613 1845
15 82010 1.861 1.795 0.586 -0.077 0.613 1.845 1.984
16 9/1/2010 0.661 0.588 -0.077 0.613 1.845 1.984 1.861
17 10/1/2010 0.692 -0.077 0613 1.845 1.984 1.861 0.661
18 11/1/2010 1.108 0.613 1.845 1.984 1.861 0.661 0.592
19 12/1/2010 1.688 1.845 1.984 1.861 0.661 0.692 1.108
20 1M1/2011 2167 1.984 1.861 0.661 0.692 1.108 1.688
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| 1.2.2. Windowing — example set

21 2112011 2295 1.861 0.661 0.692 1.108 1.688 2167
22 3201 1.577 0.661 0.692 1.108 1.688 2167 2.295
23 4112011 0.601 0.692 1.108 1.688 2167 2295 1577
24 512011 1.201 1.108 1.688 2167 2295 1.577 0.601
25 6172011 2.466 1.688 2,167 2,285 1.577 0.601 1.2
26 712011 2497 2167 2.295 1.577 0.601 1.201 2.466
27 812011 2245 2.295 1.577 0.60 1.201 2.466 2497
28 912011 1.179 1577 0.601 1.201 2.466 2497 2.245
29 101112011 1.119 0.601 1.201 2.466 2497 2.245 1.179
30 11112011 1934 1.201 2.466 2497 2.245 1.179 1.119
A 12112011 ? 2.466 2.497 2.245 1.179 1.119 1934
32 1Mrz2o;z2 ? 2,497 2.245 1.179 1.119 1.934 ?
33 2112012 ? 2.245 1179 1.119 1.934 ? ?
34 32012 ? 1.179 1.119 1.934 ? ? ?
35 4112012 ? 1119 1.934 ? ? ? ?
36 512012 ? 1934 ? ? ? ? ?
37 6M1/2012 ? 7 7 ? ? ? ?
38 72012 ? ? ? ? ? ? ?
a9 8Mz2012 ? ? ? ? ? ? ?
40 9nr20$12 ? ? ? ? ? ? ?
41 10M1/2012 ? ? ? ? ? ? ?
42 11112012 ? 7 7 ? ? ? ?
43 12112012 ? ? ? ? ? ? ?

44 1112013 ? 7 7 ? ? ? ?




3. Model training
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| 3. Model training — process

Process

00%0 £ O 4 %@ H

.Prooess*

Retrieve ch10 Set Role Windowing Linear Regression

inp c out — exa . exa
J ! [ o
|

I'ES'

/ Select Attributes
|

,-’“ Filter Examples
|

exa Y exa

an

unm




| 3. Model training — process

|

(b)

Linear

0.488
+0.286

+0.108 *

-0137
+0.292
+0.112

Regression

* inputYt-5
* inputYt-4
inputYt-3
* inputYt-2
* inputYt-0




N S
| 3. Model training — process

ute-3 | Attribute-2

S _A .
this result
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| 3. Model training — Filter Examples operator

Filter Examples

exa ? exa Parameters
o “F Filter Examples
unm
I

filters T Add Filters... @
condition class custom_filters v | (@D
invert filter @

Please teach me how to use filter
examples operator
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| 3. Model training — Linear Regression operator

Linear Regression

Parame ters
tra mad )

, Linear Regression

n |

2xa )‘

feature selection M5 prime @
Wei

1 /| eliminate colinear features ]
min tolerance 0.05 @
| use bias ]
@

1.0E-8

Please teach me how to use linear
regression operator



